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Estonian adessive case and postposition peal ‘on’

(1) suured liha kaosid ollid lava pial (MUH)
big-NOM meat-GEN bowl-NOM be.PST table-GEN on
‘the big bowls of meat were on the table’

(2) nied blid kaa lauwal sis (LUG)
they-NOM  be.PST also table-ADE  then

‘these were also on the table then’



Estonian adessive case and postposition peal ‘on’

(1 @ liha k@ ollid

big-NOM mea-GEN™ bowl-NOM  be.PSY table-GEN on

‘the big bowls of meat were on the table’

slid kaa

they-NOM  be.PST also

lauwal

table-ADE

‘these were also on the table then’ L ANDMARK
TRAJECTOR



The polysemous nature of ADE construction

(6) Functions of the Estonian adessive case (Erelt et al. 2007: 250):

a. Location: Vaas on laual.
vase.SG.NOM be-PRS.3SG table.SG.ADE
‘The vase 1s on the table.’

b. Time:  Nad soidavad neljapiieval maale.
they.NOM drive-PRS.3PL.  Thursday.SG.ADE country.SG.ALL
“They are driving to the country on Thursday.’



c. State:  Jiiri vaatas meid  naerul ndoga.
Jiri.NOM look-PST.3SG us laugh.SG.ADE ~ face.SG.COM
‘Juri looked at us with a laughing face.’

d. Possessor: Maril on kaks last.
Mari.ADE be-PRS.3PL two child.SG.PRT
‘Mari has two children.” (lit. “On Mari are two children.”)

e. Agent with finite verb forms:
See asi ununes mul kiiresti.
this.SG.NOM thing.SG.NOM  forget-PRS.3SG  me.SG.ADE  quickly
‘I quickly forgot about that thing.’

f. Instrument:  Mari mdngib klaveril mond lugu.
Mari.NOM  play-PRS.3SG ~ p1an0.SG.ADE some tune.SG.PART
‘Mari is playing some tunes on the piano.’

g. Manner: Mari kuulas kikkis korvul.
Mari.NOM listen-PST.38G  pricked.up ear.PL.ADE
‘Mari listened with her ears pricked up.’



Overall research question and aims

CVL = corpus-based variationist linguistics

| am interested in:

e morophosyntactic alternation phenomenon, e.g. locative cases vs.
postpositions (ade vs. peal)
o what drives speakers’ choice between morphosyntactic alternatives
o what are the statistical methods available to model these choices, e.qg.

regression, memory-based learning, NDL, analogical modelling, the “tree
& forest” method, Bayesian modelling



Overall research question and aims
| subscribe to:

- empirical, usage-based linguistics (using either corpus-based or
experimental data)
- probabilistic view of grammar (cf. Bresnan 2007, Bresnan et al. 2007,

Bresnan & Ford 2010, Tagliamonte & Baayen 2012, Divjak & Arppe
2013, Szmrecsanyi 2013)

DISCLAIMER: | am not a dialectologist, but...



The Corpus of Estonian Dialects (CED 2015)

http://www.murre.ut.ee/mkweb/

Data collected in October 2014 -> the corpus consisted of 834,311
morphologically annotated tokens in total from 10 dialect areas
Recordings mostly from 1960s - 1970s
Traditional dialect interviews where informants talk about past events,
customs, work and their everyday lives

Long monologous passages

“Traditional problems” (cf. Tagliamonte & Baayen 2012: 142-143):

o not highly educated

o non-mobile

o elderly people



Overview of the dataset

Data collected and annotated

Jane Klavan, Maarja-Liisa Pilvik and Kristel Uiboaed'

The Use of Multivariate Statistical Classification Models for
Predicting Constructional Choice in Spoken, Non-Standard
Varieties of Estonian?

SKY Journal of Linguistics 28 (2015), 187224

in collaboration with Maarja-Liisa Pilvik and Kristel Uiboaed
Data collected automatically with an R script

We extracted all the instances of the adessive case and the
adposition peal with the symmetrical context span of 10 words

TOTAL OUR DATASET
Adessive 14,710 722
Peal 1,586 1,310
TOTAL 16,296 2,032 9
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Table 1. Overview of the dataset (N = 2.032: adessive = 722, peal = 1,310) (Klavan, Pilvik & Uiboaed 2015: 198)

Predictor Levels
MOBILITY (mobility of Landmark) mobile, static
TYPE (type of Landmark) place, thing

VERBLEMMA (lemma of the verbused 191 verb lemmas
together with the adessive or peal

construction)

VERBGROUP activity, existence, motion, no verb,
posture

LENGTH (length of the Landmark phrase ranging from 1 to 9 syllables

in syllables)

COMPLEXITY (morphological compound, simple

complexity of the word used 1in the

adessive or peal construction)

TRWORDCLASS (word class of the NP. pronoun. VP
Trajector phrase)

POSITION (relative position between the Im tr, tr Im
Trajector and Landmark phrase)

DIALECT (the dialect area) Coastal, Eastern, Insular, Mid, Mulgi,
Northeastern. Seto, Tartu, Voru, Western
INFORMANT 286 mformants

LEMMA (lemma of the word used in the 420 lemmas
adessive or peal construction) 13



Klavan, Pilvik & Uiboaed (2015)

e In order to test the relevance of the different predictors, we applied

several methods for statistical analysis:
o Mixed-effects logistic regression (Pinheiro & Bates 2002)
o Classification trees & random forests (Breiman 2001, Strobl et al. 2009)

Formula for mixed-effects logistic regression:

CONSTRUCTION ~ LENGTHLOG + COMPLEXITY + TYPE + VERBGROUP
+ DIALECT + (1/LEMMA) + (1/INFORMANT)

' adePealinf cforest = cforest(CX ~ VERBGROUP + LENGTHLOG + DIALECT +
TYPE + COMPLEXITY + POSITION + TRWORDCLASS, data=dat,
controls=cforest unbiased(ntree=4000, mtry=3))

14



C=0.94 Accuracy = 87% Baseline = 64%

Table 3. Model comparison statistics for the Estonian dialect dataset

logLik Chisq Chi.Df p-value Reduction

in AIC

INFORMANT  -1277.8 86.6
LEMMA -1044.2 46734 1 0.000 4654
LENGTHLOG -1041.3 5.7657 1 0.0163 3.7
COMPLEXITY -1030.2 22113 1 0.000  20.2
TXPE -10204 19.689 1 0.000 17.6
VERBGROUP  -1001 38.842 4 0.000 30.9
DIALECT 97945 43025 9 0.000 25

(Klavan, Pilvik & Uiboaed 2015: 203)



Figure 5. Variable importance in random forest analysis ~ (Klavan, Pivik & Uiboaed 2015: 212)
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To re-cap: Klavan, Pilvik & Uiboaed (2015)

e \We showed that the variation between ADE/PEAL in non-standard,
spoken language is not free -> the choice depends on:
o Specific lemmas
o Length, complexity and type of Landmark
o Verb
o Dialect

e But, there are important factors missing from the models, e.g.
frequency & persistence

e (Going on a fishing trip...

17



FREQUENCY



Ellis, Nick C. 2002. Frequency effects in language processing. A review with
implications for theories of implicit and explicit language acquisition. Studies in
Second Language Acquisition, 24, 143 - 188.
“Frequency plays a large part in explaining sociolinguistic
variation and language change.”

“Learners’ sensitivity to frequency in all these domains has
iImplications for theories of implicit and explicit learning and
their interactions.”

(Ellis 2002: 143)

19



General predictions & assumptions

Language users know the relative frequencies with which certain
nouns appear with different locative cases and postpositions
Assumption: such information is acquired through experience with
input that exhibits distributional properties (Ellis 2002: 144)

“The effects of frequency in input are modulated by the need to
simultaneously satisfy the constraints of all other constructions that
are represented in the learner’s system.” (Ellis 2002: 145)

20



C=0.94

Accuracy = 87%

Baseline = 64%

Table 3. Model comparison statistics for the Estonian dialect dataset

logLik Chisq Chi.Df p-value Reduction
in AIC

INFORMANT  -1277.8 86.6
LEMMA -1044.2 467.34 1 0.000 4654
LENGTHLOG -1041.3 5.7657 1 0.0163 3.7
COMPLEXITY -1030.2 22.113 1 0.000 20.2
THPE -10204 19.689 1 0.000 17.6
VERBGROUP -1001 38842 4 0.000  30.9
DIALECT 97945 43025 9 0.000 25

21



Wordcloud of the
419 lemmas used
together with the
adessive or peal
construction in
the dataset
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Word frequencies

Frequency of the 419
lemmas used together with
the adessive or peal
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Which frequency measures? Analysis of contingency

A wide variety of measures are available to determine the degree of
association between a cue and an outcome, or, in the case of language,
between a linguistic form and its function.

(1)a. pointwise MI = log,

The following measures are among

aerpefred

the most widely used b 2= ”:—pP:;’
(Gries & Ellis 2015: 23): G et a_ajgecred

d =2 Zobs log s

exp

c. — log 10 PFisher-Yates exact test

24



Table: Schematic co-occurrence table of token frequencies
for association measures (Gries & Ellis 2015: 236)

frggizavceigs Element y Other elements Totals

Element x a b at+b

Other elements c d c+d
Totals a+c b+d atb+c+d=N

25



Table: Schematic co-occurrence table of token frequencies
for association measures

frggizavceigs Elem?tr;tb)l/; laud Other elements Totals

Element x = ade a b a+b

Other elements C d c+d
Totals a+c b+d atb+c+d=N

26



Table: Schematic co-occurrence table of token frequencies
for association measures

frggizavceigs Elem?tr;tb)l/; laud Other elements Totals

Element x = ade a=16 b a+b

Other elements C d c+d
Totals a+c b+d atb+c+d=N

27



Table: Schematic co-occurrence table of token frequencies
for association measures

frzgﬁz;vcﬁgs Elem?tr;tb)l/; laud Other elements Totals

Element x = ade a=16 b=706 a+b

Other elements C d c+d
Totals a+c b+d atb+c+d=N

28



Table: Schematic co-occurrence table of token frequencies
for association measures

frzgﬁz;vcﬁgs Elem?tr;tb)l/; laud Other elements Totals

Element x = ade a=16 b=706 a+b

Other elements c =845 d c+d
Totals a+c b+d atb+c+d=N

29



Table: Schematic co-occurrence table of token frequencies
for association measures

frzgﬁz;vcﬁgs Elem?tr;tb)l/; laud Other elements Totals

Element x = ade a=16 b=706 a+b

Other elements c =845 d=832,744 c+d
Totals a+c b+d atb+c+d=N

N = corpus size (total number of annotated tokens = 834,311)

30



Frequency measures included in the study

® -Iog1 0,0 Fisher-Yates exact test

e DeltaP

All computations were done with Gries’ R script for coll.analysis 3.2

Other measures to be calculated in further work:

e Surprisal
e Entropy

31



The F|Sher'YateS exaCt teSt (Ellis & Ferreira-Junior 2009)

All computations were done with Gries’ R script for coll.analysis 3.2:

the script uses an exact binomial test (the Fisher Yates exact test) to quantify
the association strength between the noun and the ade/peal construction they
occur in

it provides a p-value for each noun with a construction

it log transforms the p-value (to the base of 10) such that highly positive and
highly negative values indicate a large degree of attraction and repulsion
respectively, while 0 indicates random co-occurrence

an (absolute) Piog value that is equal to or higher than 1.3 corresponds to a
probability error of 5% or less

32



The Fisher-Yates exact test (Gries 2007)

Why this measure is good?

- It is preferred to the more common ¥ because it does not violate distributional
assumptions

Why this measure is not so good?

- It is a measure of the two-way dependency between a pair of events, but
associations are not necessarily reciprocal in strength - we need additional
measures to assess separately the directional relations

33



e ol _— C
d. APHI — a+b chd
AP (allan 1980; Ellis & Ferreira-Junior 2009) b APl e B
. Xy = a¥c b+d

e AP is the probability of the outcome given the cue P(O|C) minus the
probability of the outcome in the absence of the cue P(O|-C)
e when these are the same, when the outcome is just as likely when the cue is
present as when it is not, there is no covariation between the two events and
AP =0
e AP approaches 1.0 as the presence of the cue increases the likelihood of the
outcome and approaches -1.0 as the cue decreases the chance of the
outcome
=> |t can thus be used as a measure of the degree to which a particular noun is
distinctive in signaling either ADE or PEAL cx, or, in turn, the degree to which a
ADE/PEAL cx selects a particular noun

34



The input data
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The output data: adessive
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The output data: peal
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Top 10 lemma types for the adessive construction

meri 'sea’
maa 'land'
heinamaa
'hayfield'
pdld ‘field'
porand 'floor’
koht 'place’
pars 'bar’

karjamaa
'pasture’

laat 'fair'
paik 'place’

Frequency
in ADE -
CX

60
59

43

42

41
36
28

27

18
16

38



Top 10 lemma types for the adessive construction

Frequency Collocation e Gries’ script uses an exact
n ADE - Strength binomial test to quantify the
CX Fisher Yates association between the
Exact p log words and the adessive/peal
meri 'sea 60  |meri’sea 93.2 construction they occur in.
maa 'land’ 59 porand 'floor’ 82.55 It provides a p-value for
,T]ei”fe_‘?;a 43 heinamaa 81.95 each word with each
ayne ade/peal construction and
pold 'field' 42 maa 'land' 70.94 |Og transforms it.
pdrand 'floor’ 41 pdld ‘field' 65.26 An (absolute) plog value that
koht 'place’ 36  karjamaa 54.49 is equal to or higher than 1.3
pars 'bar’ 28 pars 'bar’ 48.89 corresponds to a probability
i of error of 5% or less.
!(arjama‘a o7 'mar.1der | 41.82 (o}
pasture mainland
laat 'fair' 18 koht 'place’ 40.57
paik 'place' 16 laat 'fair’ 33.18
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Top 10 lemma types for the adessive construction

meri 'sea’
maa 'land’
heinamaa
'hayfield'
pdld ‘field'
porand 'floor’
koht 'place’
pars 'bar’

karjamaa
'‘pasture’

laat 'fair’
paik 'place’

Frequency
in ADE -
CX

60
59

43

42

41
36
28

27

18
16

meri 'sea’
porand 'floor’

heinamaa

maa 'land’
pdld ‘field'
karjamaa
pars 'bar’

mander
'mainland’

koht 'place’
laat 'fair’

Collocation
Strength
Fisher Yates
Exact p log

93.2
82.55

81.95

70.94

65.26
54.49
48.89

41.82

40.57
33.18

meri 'sea’
maa 'land'

pdrand 'floor’

heinamaa
pold ‘field'
koht 'place’
karjamaa

pars 'bar’

mander
laat 'fair'

Delta P
Constructio
n -> Word

0.08
0.08

0.06

0.06

0.06
0.05
0.04

0.04

0.02
0.02

Delta P is the
outcome given
the cue minus
the probability
of the outcome
in the absence
of the cue.

It signals the
degree to which
a construction
selects a
particular type
in that slot.
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Top 10 lemma types for the adessive construction

meri 'sea’
maa 'land’
heinamaa
'hayfield'
pdld ‘field'
porand 'floor’
koht 'place’
pars 'bar’

karjamaa
'‘pasture’

laat 'fair’
paik 'place’

Frequency
in ADE -

CX

60
59

43

42

41
36
28

27

18
16

meri 'sea’
porand 'floor’

heinamaa

maa 'land’
pdld ‘field'
karjamaa
pars 'bar’

mander
'mainland’

koht 'place
laat 'fair’

Collocation
Strength
Fisher Yates
Exact p log

93.2
82.55

81.95

70.94

65.26
54.49
48.89

41.82

40.57
33.18

meri 'sea’
maa 'land'

pdrand 'floor

heinamaa
pold ‘field'
koht 'place’
karjamaa

pars 'bar’

mander
laat 'fair'

Delta P
Constructio
n -> Word

0.08
0.08

0.06

0.06

0.06
0.05
0.04

0.04

0.02
0.02

kresku
laudu

ajam

grammofon

heinaloog
hdlgejaa
kdrgem

kosjatee

kulavainu
leeripuu

Delta P
Word ->
Construc
tion
1.000
1.000

1.000

1.000

1.000
1.000
1.000

1.000

1.000
1.000



Top 10 lemma types for the peal construction

koht 'place’

laud 'table’
maa 'land'
pold ‘field'
tee 'road'
pann 'pan'
ots 'tip'
kulg 'side'
sein 'wall'

meri 'sea’

Frequency
in PEAL
construction

83

70
66
43
42
27
24
23

19
18

koht 'place’

laud 'table’
maa 'land'
pold ‘field'
tee 'road’

pann 'pan'
kilg 'side’

sein 'wall'

muru 'grass

pink 'bench’

Collocation
Strength
Fisher Yates
Exact p log

101.48

93.48
65.4
56.03
51.08
47.44
32.9
25.69

24.59
22.23

koht 'place’

laud 'table’
maa 'land'
pold ‘field'
tee 'road’
pann 'pan’'
kilg 'side’
ots 'tip’

sein 'wall'

muru 'grass’

Delta P
Construction
-> \Word

0.06

0.05
0.05
0.03
0.03
0.02
0.02
0.02

0.01
0.01

korrus
lage
kangastelg
madalam
olg_oled
ouemaa
sugavam
ahjupara
elumaa

kangaspuu

Delta P
Word ->
Constructio
n

1.00

1.00
1.00
1.00
1.00
1.00
1.00
1.00

1.00
1.00
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Words

distinctive Distinctive collexeme analysis
fore ADE freq._ade freq._peal coll.strength
meri 'sea’ 60 18 13.49 Words

' distinctive for
heinamaa PEAL freq._ade freq._peal coll.strength
'heyfield' 43 8 12.29

. tee 'road' 5 42 4.03
karjamaa
'pasture' 27 1 11.00 laud 'table’ 16 70 3.44
porand 'floor 41 14 8.58 ots 'tip’ 2 24 2.92
mander 33r 'edge’ 0 15 2.87
mainland 15 0 6.78 pann 'pan’ 3 27 589
laat 'fair' 18 2 6.21

sein 'wall' 1 19 2.75

paik 'place’ 16 2 5.39
pars 'bar’ 28 12 5.10 Ou 'yard 0 14 2.68
véd 'belt! v 0 3.15 nurm 'meadow’ 0 13 2.48
magi muru 'grass’ 0 12 2.29
‘mountain’ 16 8 2.75 vesi 'water' 0 12 2.29



Results: type vs token frequencies

e “Recent work shows that in syntax, as in phonology, the productivity
of pattern depends on type frequency of the construction”. (Ellis 2002:
145)

e adessie = 722 tokens (163 types)

e peal = 1310 tokens (339 types)

e cf. present-day written language (Klavan 2012):

o adessive =450 tokens (255 types)
o peal = 450 tokens (209 types)
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Problematic issues when counting frequencies

e How to count the type/token frequency of compounds?
o postihobusel ‘on a post-horse’ vs hobusel ‘on a horse’

o Sooheinamaal ‘on a swamp hayfield’ = soo + heinamaal = soo + heina +

maa

e \What to count as the adessive construction? Adessive in the locative

function vs other functions

fr(e)gﬁigvc?(ejs Elem?tr;tb)l/; aud Other elements Totals
Element x = ade a=16 b= 706 a+tb=
Other elements c =845 d= 832,744 c+d
Totals a+c b+d atb+c+d=N
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The adessive construction = frequency of what?

(6) Functions of the Estonian adessive case (Erelt et al. 2007: 250):

a. Location: Vaas on laual.
vase.SG.NOM be-PRS.3SG table.SG.ADE
‘The vase 1s on the table.’

b. Time:  Nad soidavad neljapiieval maale.
they.NOM drive-PRS.3PL.  Thursday.SG.ADE country.SG.ALL
“They are driving to the country on Thursday.’
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c. State:  Jiiri vaatas meid  naerul ndoga.
Jiri.NOM look-PST.3SG us laugh.SG.ADE ~ face.SG.COM
‘Juri looked at us with a laughing face.’

d. Possessor: Maril on kaks last.
Mari.ADE be-PRS.3PL two child.SG.PRT
‘Mari has two children.” (lit. “On Mari are two children.”)

e. Agent with finite verb forms:
See asi ununes mul kiiresti.
this.SG.NOM thing.SG.NOM  forget-PRS.3SG  me.SG.ADE  quickly
‘I quickly forgot about that thing.’

f. Instrument:  Mari mdngib klaveril mond lugu.
Mari.NOM  play-PRS.3SG ~ p1an0.SG.ADE some tune.SG.PART
‘Mari is playing some tunes on the piano.’

g. Manner: Mari kuulas kikkis korvul.
Mari.NOM listen-PST.3SG  pricked.up ear.PL.ADE

‘Mari listened with her ears pricked up.’
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Problematic issues when counting frequencies

e How to count the type/token frequency of compounds?
o postihobusel ‘on a post-horse’ vs hobusel ‘on a horse’

o Sooheinamaal ‘on a swamp hayfield’ = soo + heinamaal = soo + heina +

maa

e \What to count as the adessive construction? Adessive in the locative

function vs other functions

= the total number

of all of the adessive

Observgd Element y = laud Other element ¢ _
frequencies ‘table’ okens in the corpus
Element x = ade a=16 b= 706 a+tb=
Other elements c =845 d= 832,744 c+d
Totals a+c b+d atb+c+d=N
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Conclusions

e Predictors that play a role in the alternation between adessive and
peal construction in non-standard, spoken Estonian:
o semantic predictors (e.g. type and mobility of the Landmark, type
of verb used in the construction)
o morphosyntactic predictors (e.g. length, complexity)
o dialect
o individual speakers
e Strong associations between specific words and constructions
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But...

e What is the psychological plausibility of the fitted models and the

different association measures?
o in need of controlled experimental data to zoom in on the different
variables and the role they play
e \What is the range of alternating constructions?
o accounting for the polysemy of alternating constructions, e.g. adessive in
the locative function vs adessive in the other functions
o the choice is not necessarily binary
e Are the same predictors “responsible” for the alternation between
other locative cases and adpositions?
o allative~peale; ablative~peallt; interior cases ~ sisse/sees/seest
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THANK YOU!
thank-PRS.1SG  you-25G

aitah!
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“Of course, frequency and dimensional central tendency are
not the only factors that determine activation of candidate
schemata;

there are moderating effects of recency of use and of context”

(Ellis 2002: 147)
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PERSISTENCE



Definition of “persistence” (Szmrecsanyi 2006: 2)

the tendency that if speaker A faces a variable Z where he or she has the choice between two or more
semantically equivalent variants (regardless of whether they are lexical, morphological, or syntactic in
nature), speaker A’s choice will be affected by
(a) previous exposure to the variable Z, such that use of a specific variant (either by speaker A or by
another speaker B, to whose output speaker A has been exposed) in previous discourse will make it
more likely, all other things being equal, that the same variant will be used again by speaker A
(henceforth: a-persistence); or by

(B) previous exposure to a linguistic pattern Z*, which is not variable in the same way as variable Z
but parallel to one of variable Z’s variants, such that the use of the linguistic pattern Z* (either by
speaker A herself or by another speaker B, to whose output speaker A has been exposed) in
previous discourse will make it more likely, all other things being equal, that the variant of variable Z
which is parallel to the linguistic pattern Z* will be used by speaker A (henceforth: B-persistence).
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Example: MKT0020 (MID dialect), May 1965

LN:  kui ma akkasin orjama | ja pidle selle pelé mul iihte kercet turipici olp|| asi,eli
aec sie ol'i ka mies ol'i dpalene ja aice_ja || (kohib)) vis last olén ka iilesse kasvattonp

ja meisa _pgefDuDel | kauiwaks meil sin | sepa orini | ((rogisedes)) kaheksateist kiimne

dstast sapik o sé olp ((k6hib)) | kdisin meiss tiiol leikkasin leikkust | karttulip vetmas
| poi- poec ol iiheksa astane sie ol'i vao vahtis_ja vet'sin kahte vacu | sepasi on minuil
pavap olp sin meisas sin | tiop teha ohtu meisas | (kohib)) | leikkasin leikkust_jv |

miés ol'i kitwe péva teomes || ja | sellest saime mona_ja || sellest me elasime | (--)
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Example: MKT0020 (MID dialect), May 1965

LN:  kui ma akkasin orjama | ja pidle selle pelé mul iihte kercet turipici olp|| asi,eli
aec sie ol'i ka mies ol'i dpalene ja aice_ja || (kohib)) vis last olén ka iilesse kasvattonp

ja meisa _pgefDuDel | kaniwaks meil sin | sepa orini | ((rogisedes)) kaheksateist kiimne

dstast sapik o sé olp ((k6hib)) | kdisin meiss tiiol leikkasin leikkust | karttulip vetmas
| poi- poec ol iiheksa astane sie ol'i vao vahtis_ja vet'sin kahte vaci: | sepasi on minuil
pavap olp sin meisas sin | tiop teha ohtu meisas | (kohib)) | leikkasin leikkust_jv |

miés ol'i kitwe péva teomes || ja | sellest saime mona_ja || sellest me elasime | (--)

57



